KIISE Transactions

ISSN 2383-6318(Print) / ISSN 2383-6326(Online)
on Computing Practices, Vol. 23, No. 8, pp. 481-486, 2017. 8
https://doi.org/10.5626/KTCP.2017.23.8.481

ool = Fehg= BANAY
7VFRE g Z}% >33} 719
(A Resource Clustering Method Considering Weight of
Application Characteristic in Hybrid Cloud Environment)

=
£A4

2 % g zes "
(Yoori Oh) (Yoonhee Kim)

2 o 2P0 95t AL DAY VI AEST ARSI (Pay per-use) BAL ol gale]
o $82 S e BIAEe] Folhe FAolth Te) td 5w FHE FAeE A
Aoz ANASE HAP A0S Adsted o2l Feck ool weh A4 BEH TS Aol
o7 APSaAStE S840 B40 et FHow AL BRIE o] Wasith ¥ AvoAle 3
JHYE FeheE BROIM S EHS WH A9 2 B4 W AQdTh AY #H B
ANZARAE D K-BT DDBL Al FAR AL PRI AL FuES Bal H3
289 T4 VYT B4 A0 2HS FHAGSL TR
ANAE: sloluels F9E, AIEABAE, AL BF, S8 54 715

Abstract There are many scientists who want to perform experiments in a cloud environment,
and pay-per-use services allow scientists to pay only for cloud services that they need. However, it
is difficult for scientists to select a suitable set of resources since those resources are comprised of
various characteristics. Therefore, classification is needed to support the effective utilization of cloud
resources. Thus, a dynamic resource clustering method is needed to reflect the characteristics of the
application that scientists want to execute. This paper proposes a resource clustering analysis method
that takes into account the characteristics of an application in a hybrid cloud environment. The
resource clustering analysis applies a Self-Organizing Map and K-means algorithm to dynamically
cluster similar resources. The results of the experiment indicate that the proposed method can classify
a similar resource cluster by reflecting the application characteristics.
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Algorithm 1. training model reflecting application

characteristic weight using self-organizing map

t = current iteration

Iter = max iteration number

X;(t) = i th input neuron at iteration t

W;;(t) = weight between i th input neuron and j th output
neuron

1) t <0

2) W;;(0) <= random number, for all i and j

3) Input neuron <- input vector

4) While(t != Iter)

5) Calculate d; for all output neuron

= S k(i (0) = Wy (00)2 Jee{ L | # characteristic
a,l = characteristic

6) Select j with minimun d;

7) Update j and j s neighbor neuron’ s weight vector
Wt + 1) = W;(0) + B(X;(8) — Wy (1))

8) t++

9) EndWhile
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